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Abstract: If you're concerned about your health and want to protect yourself from respiratory illness, you should consider 

using a face mask. Face mask detection is a technology that can help you make sure that you're taking the necessary 

precautions. This technology can help you identify which masks are being worn and ensure that they're being properly used.  

 

We have made a project "Face Mask Detection Using Deep Learning to identify the Mask of a particular person whether 

he/she is wearing a mask or not as wearing masks is very necessary to prevent ourselves from covid. In present situation 

masks are playing an important role in everyone's daily basis. Wearing masks will help us to socialize and in order to 

conduct business. 
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I. INTRODUCTION 

   

Face mask detection is a computer vision and deep learning-based technology that can detect whether a person is wearing a mask 

or not in real-time. With the outbreak of the COVID-19 pandemic, mask-wearing has become a widely adopted preventive measure 

to help prevent the spread of the virus. Face mask detection technology has emerged as a useful tool in enforcing mask-wearing 

policies in public spaces, such as schools, airports, shopping malls, and healthcare facilities. 

 

Face mask detection systems typically use a camera to capture an image or video stream of an individual's face, and then use 

computer vision and deep learning algorithms to analyze the image and detect whether the person is wearing a mask or not. Some 

systems can also detect whether the mask is being worn correctly, for example, whether it covers the nose and mouth. 

 

The technology can be implemented using various machine learning algorithms, such as Convolutional Neural Networks (CNNs), 

Support Vector Machines (SVMs), and Random Forests. The models are trained on large datasets of images of people wearing and 

not wearing masks, which helps the system to accurately identify whether a person is wearing a mask or not. 

 

II. OBJECTIVE 

 

Face mask detection is to develop a system that can automatically detect whether a person is wearing a mask or not using computer 

vision and deep learning techniques. The system should be able to analyze an image or a video stream and accurately identify 

whether a person is wearing a mask, and if so, whether the mask is being worn properly 

 

III. DEEP LEARNING 

 

Deep learning is a subset of machine learning that is particularly well-suited to tasks such as image classification, object detection, 

and face recognition. Deep learning involves the use of deep neural networks, which are composed of many layers of interconnected 

nodes that process and transform data. In the context of face mask detection, deep learning can be used to train a neural network on 

a dataset of images that contain people wearing masks and people not wearing masks. The trained neural network can then be used 

to classify new images as containing faces wearing masks or faces not wearing masks. Deep learning algorithms are capable of 

achieving high accuracy and reliability, even in complex and diverse datasets, making them ideal for face mask detection. However, 

deep learning requires significant amounts of data and computational resources, and it can be challenging to develop and train a 

deep neural network without a strong background in machine learning and data science. Despite these challenges, deep learning is 

a powerful and effective approach for face mask detection, and it is increasingly being used in a variety of real-world applications 

 

OPENCV; OpenCV is an open-source computer vision and machine learning library that provides tools and algorithms for real-

time image and video processing. It is widely used in various applications such as object detection, face recognition, gesture 

recognition, and image segmentation. The library is written in C++ and provides interfaces for various programming languages 

such as Python and Java. OpenCV includes several modules that provide functionality for various computer vision tasks, such as 

image processing, object detection, machine learning, and video processing. It is widely used in industry and academia and has a 

large community of developers who contribute to its development and maintenance. 

TensorFlow; TensorFlow is a popular open-source framework for building machine learning models, and it can be used for 

developing face mask detection systems. TensorFlow provides a range of tools and libraries for building, training, and deploying 

machine learning models, and it is designed to work well with deep neural networks. In a face mask detection system, TensorFlow 

can be used to train a deep neural network on a dataset of images that contain people wearing masks and people not wearing masks. 
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The trained model can then be used to classify new images as either containing faces wearing masks or faces not wearing masks. 

TensorFlow also provides tools for optimizing and deploying the trained model, making it suitable for real-time applications such 

as video analysis. The use of TensorFlow in face mask detection provides a powerful and flexible framework for building accurate 

and reliable systems. However, it requires significant expertise in machine learning and data science to use effectively, and it may 

not be suitable for all applications or environments.                                                                                                                                                  

 

IV. METHODOLOGY 

 

The methodology for face mask detection is a multi-step process that involves collecting and preprocessing data, detecting faces in 

images, and using a classifier to determine whether a detected face is wearing a mask or not. The first step involves collecting a 

diverse dataset of images that contains people wearing masks and people not wearing masks. The dataset is then preprocessed to 

prepare it for analysis. Next, a face detector is used to detect faces in the images. This is followed by using a machine learning 

algorithm, such as a deep neural network, to determine whether the detected faces are wearing masks or not. The results are then 

post-processed to remove false positives and false negatives, and the final results are visualized by drawing bounding boxes around 

the detected faces and indicating whether they are wearing masks or not. The specific methodology used for face mask detection 

may vary depending on the application and available resources, but this general process provides a framework for developing a face 

mask detection system. 

 

Deep learning is a subfield of machine learning that uses artificial neural networks to model complex patterns in data. There are 

various deep learning methodologies for face mask detection, including: 

 

1.Convolutional Neural Networks (CNNs): CNNs are a type of deep neural network that are well-suited for image classification 

and object detection tasks. They can be trained on a dataset of images to detect faces and masks in real-time. 

 

2.Transfer Learning: This is a method where a pre-trained deep neural network is fine-tuned on a new dataset to solve a different 

problem. For example, a pre-trained network can be fine-tuned on a face mask detection dataset to detect faces and masks in real-

time. 

 

3.Object Detection Networks: There are various object detection networks, such as Single Shot MultiBox Detector (SSD) and 

You Only Look Once (YOLO), that use deep neural networks to detect objects in an image. These networks can be trained on a 

dataset of images to detect faces and masks in real-time.  

 

V. WORKING 

The project is focused on developing a system for detecting whether a person is wearing a mask or not using computer vision and 

deep learning techniques. 

OpenCV is a popular open-source computer vision library that provides tools for image and video processing. The Caffe-based face 

detector is a deep learning model that can identify human faces in an image using convolutional neural networks. Keras and 

TensorFlow are both popular deep learning frameworks used for building and training neural networks. MobileNetV2 is a pre-

trained convolutional neural network that can be used for object detection and classification. 

The dataset you described contains a total of 3,835 images, with approximately half of them containing people wearing masks and 

the other half not wearing masks. This dataset could be used to train and evaluate a deep learning model for mask detection. 

To build a deep learning model for mask detection using this dataset, you could use the following steps: 

Preprocess the images: This could involve resizing the images to a uniform size, converting them to grayscale, and normalizing the 

pixel values. 

Split the dataset into training and validation sets: The training set would be used to train the model, while the validation set would 

be used to evaluate the model's performance during training. 

Use a pre-trained face detector: The Caffe-based face detector can be used to identify the location of human faces in the images. 

This can help to focus the model's attention on the regions of the image where the face is likely to be present. 

Fine-tune a pre-trained model: The MobileNetV2 network can be fine-tuned on the masked and unmasked images to detect whether 

a person is wearing a mask or not. This can be achieved by adding a few additional layers on top of the MobileNetV2 network and 

training the entire model end-to-end. 

Evaluate the model: The trained model can be evaluated on the validation set to measure its performance. Metrics such as accuracy, 

precision, recall, and F1-score can be used to assess the model's performance. 

Deploy the model: Once the model is trained and validated, it can be deployed in a real-world application for mask detection. 

Overall, this project can help in developing a system that can aid in enforcing safety measures during the pandemic, such as ensuring 

that people wear masks in public places. 

 

Lack of control over their personal information.” Critics of mask recognition also think that this new technology could be prone 

to some of the same pitfalls as facial recognition. Many of the training datasets used for facial recognition are dominated by light-

skinned individual 
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VI. ADVANTAGES 

 

• Intelligent Alerts. 

• Facial Recognition. 

• Camera Agnostic. 

• Easy Implementation. 

• Staff Friendly.  

 

VII. PRACTICAL USE          

 

Public spaces: Face mask detection systems can be installed in public spaces such as airports, train stations, shopping malls, and 

schools to ensure compliance with mask-wearing policies. The system can trigger an alert or alarm when someone is not wearing a 

mask. 

 

Healthcare settings: In healthcare settings, where healthcare workers are at a higher risk of exposure to the virus, face mask detection 

systems can help ensure that all staff and patients are wearing masks. 

 

Workplaces: In workplaces where physical distancing may be difficult to maintain, face mask detection systems can help promote 

a safer work environment. 

 

Transportation: Face mask detection systems can be installed in vehicles, such as buses and trains, to ensure that passengers are 

wearing masks while using public transportation. 
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VIII. RESULTS 

 

 

 

 

 

 

 

 

Fig 1. When The Person Not Wearing the Mask, A 

bounding box drawn over the face of the person 

describes weather the person is wearing a mask or not 

                                                              

 

 

 

 

 

 

Fig 2. When Person Wearing Mask.A Bounding Box 

Drawn Over the Face of the Person Describes The 

Person Wearing Mask. 

                                                

IX. CONCLUSION 

 

So the following analysis shows that the method proposed can be successfully used for the face mask violation detection.It is a real 

time software application which can be displayed in smart cc tv surveillance, public areas like airports,malls etc.The software it can 

be extensible to work along with others IOT devices to deny permit or closing doors at corporate office also we highlight that it is 

working on device with limited computational capability and is able to process in real time images and video streams making our 

proposal applicable in the real world.So by the above mentioned details we can make the conclusion that this particular project 

works in everyday life and is absolutely useful for present situation.This application is build using python,IDL 
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