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Abstract- The Indian medical practice of Ayurveda has achieved international fame. The basis of Ayurveda are
herbal preparations medications. The pharmaceutical industry is starting to pay more Be careful with
medicinal plants as they have fewer side effects and reactions compared to modern medicine and are also more
cost-effective. IN Many deep learning and machine learning algorithms have been developed over the past
years The factory uses , which are efficient and reliable Classification based on leaf images. In this work 45
different ones Medicinal plant leaves were used and a deep learning model was used To achieve high accuracy,
the number was used classification and recognition procedures carried out using computer vision techniques.
According to the classification of the papers numerous medicinal plant.
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I.INTRODUCTION

ThisEntrance Since then, Ayurveda has sometimes been referred to as the “mother of all medical sciences.” is an
ancient Indian system of medicine that uses medicinal herbs occurs naturally in the Indian subcontinent.According to
historical documents , the practice of Ayurveda dates back over 5,000 years and was developed by sages of ancient
India. Early researchers believed that herbs could cure various diseases. diseases. They experimented to determine the
medical effectiveness of different ones herbs. Drugs developed this way have few side effects. Manual identification
medicinal plants is a very time-consuming and demanding process Support from qualified professionals for correct
implementation. Automatic methods for the detection and classification of medicinal plants The will ultimately bring
greater benefits to society that are essential to solving this problem. IN the field of image processing, currently one of
the most active research areas concerns the automatic detection and classification of various medicinal/herbal plants.
This required several processes, the most important of which used for feature extraction and classification, both with
implications Accuracy of the classification system as a whole. Professionals, botanists and the cosmetics industry
benefit from this solution species information and databases made available through automatic identification and
classification system. To distinguish objects of similar type and different type, The detection accuracy of is the most
important metric to consider. Should high precision in the detection process. Apps like Face Discovery uses this
setting to limit access to authorized users It is used by medicinal plant recognition systems to identify the correct plant
in time. to save the patient's life.

In most cases, the task of collecting plants from the forests is delegated ordinary people. Due to the possibility of
human error, this was not the case always successfully identifies rare and important plants. The patient's life may
depend on the availability of these rare plant species In he managed to cure his illness. Furthermore, it is possible that
these individuals could select the wrong species, with the possible outcome noxious plant. A patient's life may depend
on the availability of these rare drugs plant species to effectively treat yourdisease.Furthermore, it exists It's possible
that these people are selecting the wrong species, which may be the case produces a potentially harmful plant. Under
such circumstances, yes , it is necessary to use a system that can automatically recognize plants. Out of of this system,
even a person with no prior knowledge of botany should be able to do it distinguishes between different types of
plants. These diagrams are also helpful climbers who want to collect plant species. There are already several studies
were carried out in this area to improve the identification of plant species.These methods still exist does not allow
precise classification of plant species. Plants can be mainly identified by leaves, flowers, bark, seeds, fruits, stems,
roots and more anatomical and physiological features such as size, region growing plants and the environmental
factors to which they are exposed. We used Build the Xception model, a deep convolutional neural network
architecture optimal results in computer-aided classification and recognition processes Vision.
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II.LITERATURE REVIEW

This section provides an overview of various approaches to plant identification and classification. species on leaf
photos. In [1] the CNN architecture was used to train the collected data set and develop a high-level system Accuracy
level . The success rate in finding the appropriate medicinal plant is 96.67% as a direct result of using the deep
learning model. This study uses[2]. Supports vector machines, Transfer Learning Model-VGG16 and only you Look
Once approach to classifying medicinal plants properties of their leaves.For accuracy, transfer learning was performed
98%, SVM has completed the 97th GridSearchCV hyperparameter optimization and you I'll only check once you
reach 84%. The article [3] used CNN to identify Indians leaf types. Three pre-trained CNNs were selected using
transfer learning Architectures: InceptionV3, VGG16 and ResNet101. Validate InceptionV3 The accuracy and F1
score were 0.9732 and 0.9653. In this study [4], CNN was combined The classification results are dynamic using
entropic impurities. VGG16, ResNet50 and Inception V3 is used. The dynamic approach CNN Resnet50 was 97.4.
The aim of this research [5] is to develop a hybrid neural network system. “AousethNet” is modified version of
AlexNet. Curacy AousethNet 98.61. In this work [6] is used. Threshold based on region and color.HOG and LBP
were used for selection functions. Two- and multi-class SVMs provide an accuracy of 99. In this study [7] Deep
learning was used to classify images of sheets. Five medicinal plants. The Study had a success rate of 86%.The
method for drug identification is described in [8]. plants based on leaf characteristics and pretreatment techniques. In
this article [9], The authors' focus is on image feature extraction and image segmentation leaves of various herbs from
Malaysia including Belalai Gajah, Rerama, Sirih, Mexican Mint and Senduduk. There were a total of 14 features for
each image were identified: 7 geometric elements and 7 structural elements. Find show that Sobel can effectively
segment images and Calculation of the properties of grass leaves. ResNet50 [10] was used to accomplish the task of
this work. THE The architecture was validated on four different leaf datasets. , one of which is a self-created dataset
consisting of collected leaf images Internet . The remaining three datasets were downloaded from publicly available
sources sources. While MK-D1 and MK-D2 have 99.05% and 99.89%acuracy. , the Flavia dataset has an impressive
acuracy.The Article [11] describes research on various methods for identifying medicinal plants Shape and texture of
leaves. The computer vision method has proven to be superior , which detects plant leaf samples. The study [12]
classified different types leaves and maturity stages using a CNN-based system. With tenfold cross-validation inches
is @ CNN-driven computer vision platform with 99acuracy. When classifying the leaf types and stages of maturity,
points were achieved. , while the K-NN algorithm is used in the classification phase.

The purpose of this research [16] is to examine how various Laws' masks affect the labelling of images of medicinal
leaves. The filter masks derived from Laws' masks of length 9 were found to have the highest classification accuracy
(90.27 percent). Various techniques had been studied and suggested in this paper are those of image enhancement,
feature extraction, and classification [17]. All extracted the features are compared. Finally, they found the K-nearest
neighbor (KNN) classifier best to develop an automatic classifier. In this paper [18], researchers take a look back at
the history of machine learning algorithms used to categorise plants based on images of their leaves and discuss which
ones have proven to be the most effective and trustworthy. The techniques used in image processing to identify leaves
and to extract key leaf features for use in various machine learning classifiers are discussed.

In this study [19], the pre-trained neural networks VGG16 and AlexNet were used to classify 11 distinct leaf diseases,
and a comparison of the two models was also presented. The accuracy of classification provided by VGG16 was
found to be superior. This work demonstrates [20] how standard classifiers, such as logistic regression[IR] and SVM
may be combined with MPEG-7 colour and texture feature descriptors to produce very outstanding results across a
wide variety of categories. In this research [21], In this study [23], they compared ML (SVM, SGD, RF) with DL
(Inception-v3, VGG-19, VGG-16) for citrus plant disease identification. VGG-16 has the highest accuracy (89.5%)
among DL techniques. In this article [24], the leaves are ategorised according to their own distinctive combination of
features. When tested across a broad spectrum of classifiers, identification rates of up to 99% have been recorded. In
this research, [25] researchers take into account a Group Labelled Classification Model that analyses both the dorsal
and ventral surfaces of a green leaf, as well as its morphological traits, to determine the best possible set of features
for improving recognition accuracy.

I11.RESEARCH METHODOLOGY
All training of a convolutional neural network to classify a new set of images can be done using transfer learning. You
can use an already trained network as a basis for learning a new task. Training a network from scratch with randomly
initialized weights typically takes much longer and is more difficult than optimizing the network using transfer
learning, which can be done much faster and easier. With fewer training images, you can quickly apply the
previously learned functions to new tasks. The procedure for retraining a convolutional neural network to classify a
new image dataset using transfer learning is shown in the following flowchart.

[JRTI2312092 International Journal for Research Trends and Innovation (www.ijrti.org) 662



http://www.ijrti.org/

© 2023 IJRTI | Volume 8, Issue 12 | ISSN: 2456-3315

Data Set
Finding
Patterns
Model
Data Containing Identifies
Patterns Patterns

pIication

Analysis l
Provides New data to

‘ Validate if it matches

Prediction

FIGURE 1 SYSTEM FLOW CHART

IV .PROPOSED SYSTEM
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The purpose of edge detection

1. Detection: Maximize the probability of detecting true edge points by minimizing the probability of false detection
of non-edge points.

2.Position: The detected edges should be as close as possible to the actual edges.

3. There should not result in many detected edge the Canny's formulation of these system, the edge detector is use
less certain degree of edges .The C# implementation of the algorithm is provided here.

IV.PROPOSED IDEA
. Dataset Generation
User interface model
Data processing & Analysis system
Predication analysis
Feedback System
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V.CONCLUSION

In this study, 45 different plant species were analyzed. By classifying all 45 categories, the accuracy of the trained
model was satisfactory and reached 97.65%. In the future, it will be possible to design a custom deep learning model
to implement classification for medicinal plant recognition and compare the performance of different models.
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