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Abstract : 

This paper presents DriveSync, an AI-based adaptive traffic signal control system designed to optimize urban traffic flow 

using real-time computer vision and deep learning techniques. The system performs live analysis of video feeds to detect 

and count vehicles, estimate traffic density, and dynamically adjust traffic signal timings based on current road 

conditions. Unlike conventional fixed-timer traffic lights, DriveSync responds intelligently to fluctuating traffic volumes, 

thereby reducing unnecessary delays and traffic congestion. 

The DriveSync project was given the National Best Innovators Award, highlighting its potential as a practical and 

scalable solution for intelligent traffic management. 

A key innovation of the proposed system is the use of a single camera mounted on a rotating mechanism, capable of 

covering multiple traffic approaches by sequentially rotating up to 360 degrees. This design enables comprehensive 

intersection monitoring using only one camera, significantly reducing hardware cost and infrastructure complexity 

compared to multi-camera setups. 

In emergency scenarios, the system supports priority-based signal control, where emergency vehicles such as ambulances 

are visually detected and dynamically granted a green signal to ensure rapid and unobstructed passage through 

intersections. The system architecture allows future integration of custom-trained models or multimodal sensing for explicit 

emergency vehicle classification. 

DriveSync employs YOLOv8 and OpenCV for real-time vehicle detection and traffic analysis, integrated with an adaptive 

signal control algorithm that determines optimal green-light durations based on observed traffic density. Signal execution 

is managed through a microcontroller-based hardware interface (currently implemented using Arduino, with scope for 

Raspberry Pi integration), enabling reliable real-time control through a low-cost, sensor-free architecture. It also has 

reduced the time up to 60% for waiting. 

The system is designed to support cloud-based traffic data storage, city-level traffic coordination, and scalable 

deployment for smart city applications. A beta prototype implementing the core adaptive signal control mechanism has 

been developed and experimentally evaluated. Experimental observations indicate improved traffic flow efficiency and 

reduced idle waiting time compared to traditional fixed-time traffic signal systems, demonstrating an approximate 

improvement of up to 60% in traffic flow efficiency under observed conditions. 

By minimizing vehicle idling, DriveSync contributes to reduced fuel consumption, lower carbon emissions, and 

enhanced road safety. Owing to its affordability, scalability, minimal infrastructure requirements, and single-camera 

rotating design, DriveSync offers a practical and sustainable solution for intelligent traffic management systems. 
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Introduction  

Traffic congestion has emerged as a critical challenge in modern urban planning, leading to increased commuting 

times, excessive fuel consumption, economic losses, and rising carbon emissions. In densely populated cities, 

inefficient traffic management systems contribute significantly to air pollution, as vehicles remain idling at 

intersections for extended periods, releasing harmful exhaust gases into the atmosphere. These issues not only 

degrade environmental quality but also cause frustration among commuters and reduce overall urban mobility. 

The most commonly deployed traffic control systems rely on fixed-time signal operation, where traffic lights cycle 

through predefined red, yellow, and green intervals irrespective of real-time traffic conditions. Such systems often 

result in unnecessary delays, especially during off-peak hours when roads may be empty yet vehicles are forced to 

wait. Although certain regions have adopted sensor-based adaptive traffic signal systems, these solutions depend 

heavily on inductive loop detectors or radar-based sensors, which are expensive to install, difficult to maintain, and 

limited in flexibility. Moreover, these systems struggle to respond effectively to rapidly changing traffic patterns, 

accidents, or emergency scenarios. 

A major limitation of conventional traffic signal infrastructure is its inability to prioritize emergency vehicles. 

Ambulances, fire trucks, and police vehicles frequently experience delays at intersections due to non-responsive 

signal control, which can critically impact emergency response times and, in severe cases, cost lives. 

To address these challenges, DriveSync proposes an AI-based intelligent traffic signal control system that dynamically 

adapts signal timings using real-time vehicle detection. The system utilizes computer vision techniques with 

YOLOv8(or any such model, currently the beta model uses yolov5 since august 2024) and OpenCV to analyze live video 

feeds and estimate vehicle density at intersections. Instead of relying on fixed timers, DriveSync adjusts green light 

durations based on traffic load, while enforcing predefined minimum and maximum thresholds to ensure safety and 

consistency. Additionally, the system incorporates an emergency vehicle prioritization mechanism, enabling 

immediate signal clearance for ambulances and other emergency responders. 

Compared to traditional sensor-based solutions, DriveSync is a low-cost, scalable, and easily deployable alternative, 

requiring only a camera, an microcontroller, and basic electronic components. Experimental evaluations of the 

prototype demonstrate that the system significantly reduces congestion, fuel wastage, and emissions, achieving upto 

60% improvement in traffic flow efficiency over fixed-time traffic signal systems. By integrating artificial intelligence 

with affordable hardware, DriveSync offers a practical and sustainable approach toward smart urban traffic 

management. The system utilizes computer vision techniques with YOLOv8 (or YOLOv5 in the beta version) and 

OpenCV to analyze live video feeds from a single rotatable camera, ensuring full coverage of incoming lanes and 

accurate vehicle density estimation at intersections. 

 

 

 

 

 

 

 

 

http://www.ijrti.org/


© 2026 IJRTI | Volume 11, Issue 2 February 2026 | ISSN: 2456-3315 

IJRTI2602139 International Journal for Research Trends and Innovation (www.ijrti.org) b300 
 

 

 

 

 

 

 

 

 

 

 

RELATED WORK : 

A. Camera-Based Traffic Observation 

Earlier traffic monitoring solutions primarily depended on physical sensors such as inductive loops and pressure-based 

detectors embedded in road surfaces. Although these systems provide basic traffic measurements, they involve high 

installation costs and are prone to damage due to road wear and environmental conditions. As urban traffic became more 

complex, camera-based monitoring emerged as a flexible alternative, enabling visual traffic assessment without invasive 

infrastructure. 

With the rise of deep learning, convolutional neural networks (CNNs) have significantly improved vehicle detection 

accuracy in real-world traffic scenes. Modern object detection models allow real-time identification and counting of 

vehicles directly from video streams, making them suitable for dynamic traffic environments. Vision-based systems 

further enable richer traffic analysis, such as estimating congestion levels and understanding traffic distribution across 

lanes. 

 

B. Intelligent Traffic Signal Timing 

Traffic signal timing strategies have evolved from static scheduling methods to responsive control mechanisms. Fixed-

time systems, still widely used, fail to accommodate variations in traffic demand throughout the day. Sensor-triggered 

approaches offer limited responsiveness but remain constrained by hardware costs and localized sensing. 
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Advanced intelligent signal control systems attempt to optimize traffic flow using real-time inputs; however, many rely 

on specialized sensors or centralized infrastructure. While such systems can improve traffic efficiency, their complexity 

and cost restrict widespread adoption, especially in developing urban regions. Moreover, most existing implementations 

focus on general traffic flow and do not consistently address emergency vehicle prioritization. 

 

C. Emergency Vehicle Signal Priority 

Emergency signal preemption has been explored through GPS-based tracking, radio-frequency communication, and 

dedicated signaling hardware installed in emergency vehicles. Although effective in controlled deployments, these 

solutions require additional infrastructure and coordination, limiting their scalability. Furthermore, emergency 

prioritization is often implemented independently of general traffic optimization systems, reducing overall system 

efficiency. 

 

D. Positioning of DriveSync 

Unlike existing approaches that treat traffic monitoring, signal control, and emergency handling as separate problems, 

DriveSync integrates these functions within a unified vision-driven framework. By leveraging real-time video 

analysis and adaptive signal logic, the system eliminates the need for costly physical sensors while maintaining 

responsiveness to changing traffic conditions. 

This integrated design enables efficient traffic flow management, supports automatic emergency vehicle 

prioritization, and offers a scalable foundation for future cloud-based and citywide traffic coordination. 

SYSTEM ARCHITECTURE : 

A. Proposed Hardware Architecture (Beta and Final Design) 

The beta implementation of DriveSync employs readily available, low-cost hardware components to validate the 

feasibility of real-time vehicle detection and adaptive traffic signal control. The prototype comprises these core 

subsystems: a vision-based sensing unit, a microcontroller-driven signal interface responsible for traffic light actuation. 

In the current prototype, vehicle detection is carried out using a YOLO-based deep learning model, while signal timing 

decisions are computed locally and communicated to the signal controller. The system follows a modular architecture, 

enabling independent enhancement of the sensing, computation, and control layers without redesigning the entire 

framework. 

For real-world deployment, DriveSync is envisioned to operate on a single-board computing platform (e.g., Raspberry Pi) 

integrated with an edge camera module mounted on a rotating mechanism capable of covering multiple traffic 

approaches by sequentially rotating up to 360 degrees. This architecture ensures low-latency response, operational 

reliability, and offline functionality, which are critical for traffic infrastructure. 

 

B. Role of Raspberry Pi as an Edge Computing Unit 

The Raspberry Pi serves as the edge intelligence core of the DriveSync system due to its capability to support real-time 

vision-based inference while maintaining low power consumption. Specifically, the Raspberry Pi enables: 
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● Execution of deep learning-based vehicle detection models 

 

● Real-time processing of live video streams 

 

● Control of the camera rotation mechanism to sequentially monitor all lanes at an intersection 

 

● Direct interfacing with traffic signal control hardware 

 

● Continuous operation in outdoor environments with minimal power requirements 

 

Unlike conventional microcontrollers, which are limited to rule-based logic, the Raspberry Pi supports on-device deep 

learning inference, making it indispensable for adaptive, vision-driven traffic control systems. 

 

C. Cost Comparison with Existing Traffic Signal Systems 

Conventional traffic signal control systems often depend on inductive loop detectors, radar-based sensors, or proprietary 

adaptive control software, resulting in high installation, calibration, and maintenance costs. 

System Type Approximate Cost per Intersection 

Sensor-based adaptive system ₹10–25 lakh 

Proprietary AI-based systems (US/EU) ₹40–80 lakh 

DriveSync (Proposed) ₹40-60 thousand  (on already built traffic 

lights) 

Despite its significantly lower cost, DriveSync delivers comparable or superior traffic optimization performance by 

leveraging camera-based detection with a single rotating camera and AI processing. 

 

D. Justification for Cost Efficiency and Scalability 

DriveSync achieves substantial cost reduction through the following design choices: 

● Replacement of multiple physical sensors with a single vision-based rotating camera 

 

● Elimination of recurring software licensing and cloud service fees 

 

● Deployment of edge AI 
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● Compatibility with existing traffic signal infrastructure 

 

These factors make DriveSync particularly well-suited for developing regions, smart city pilots, and cost-sensitive 

municipal deployments, where large-scale adoption of expensive adaptive systems is impractical. 

 

E. Signal Timing Parameters and Design Rationale 

Based on the detected traffic density, DriveSync computes the optimal green light duration using a rule-based adaptive 

control algorithm. The system enforces predefined minimum and maximum thresholds to ensure safety and stability. 

The parameters of the durations of these are configurable and can be tuned based on intersection geometry, traffic 

composition, and deployment environment; currently, numbers are taken to show the working of the product. 

● Minimum green time: 10 seconds – Ensures adequate clearance time and prevents unsafe rapid switching. 

 

● Increment per detected vehicle: 1–3 seconds – Balances increased throughput with equitable signal distribution. 

 

● Maximum green time cap: 60 seconds – Prevents starvation of conflicting traffic approaches. 

 

For example, if five vehicles are detected, the computed green time becomes 17.5 seconds, whereas heavy traffic conditions 

trigger the maximum green duration. The rotating camera captures all lanes sequentially, so vehicle counts from all 

approaches are considered for adaptive timing. 

 

F. Cloud and Networking Layer 

DriveSync is primarily designed as an edge-based traffic control system, eliminating reliance on cloud infrastructure for 

real-time decision-making. However, cloud and networking layers are supported to enhance system monitoring, analytics, 

and scalability. 

In this layer, summarized traffic metrics and system logs may be transmitted periodically to a centralized server for long-

term storage and analysis. This data can be utilized for traffic pattern visualization, policy planning, and cross-

intersection optimization. 

Importantly, the cloud layer is currently non-essential to real-time operation. In the absence of network connectivity, 

DriveSync continues to function autonomously using on-device computation, ensuring robustness and fault tolerance in 

real-world deployments. The camera rotation mechanism operates fully independently, ensuring complete lane coverage 

even in offline scenarios. 

 

G. Beta Version of DriveSync’s System Architecture 

1. Camera-Based Traffic Sensing Module 

The traffic sensing module acts as the primary data acquisition unit of DriveSync. The system currently supports both a 

standard USB webcam and the ESP32-CAM module for capturing real-time video footage of the roadway. During the 

beta implementation, a webcam is used for ease of testing and visualization, while the architecture natively supports 

ESP32-CAM (or any such camera) for standalone and embedded deployments. 

http://www.ijrti.org/


© 2026 IJRTI | Volume 11, Issue 2 February 2026 | ISSN: 2456-3315 

IJRTI2602139 International Journal for Research Trends and Innovation (www.ijrti.org) b304 
 

The camera is mounted on a motorized rotating mechanism, allowing it to sequentially capture all traffic lanes at an 

intersection. Captured video frames are continuously streamed to the AI processing pipeline for vehicle detection and 

traffic density estimation. This vision-based sensing approach removes the dependency on road-embedded sensors, 

enabling a low-cost, non-intrusive, and easily scalable traffic monitoring solution. 

 

 

 

 

 

 

 

2. AI Processing and Vehicle Detection Module 

The core intelligence of DriveSync resides in the AI processing module. This module employs YOLOv8 in conjunction 

with OpenCV to perform real-time vehicle detection on incoming video frames. 

Each frame is analyzed to: 

● Detect vehicles present in the camera’s field of view 

 

● Count the number of vehicles approaching the intersection 

 

● Estimate traffic density based on detected objects 

 

The output of this module is a quantitative vehicle count, which serves as the primary input for adaptive signal timing 

decisions. Vehicle counts from all lanes are accumulated as the camera rotates, ensuring accurate multi-lane traffic 

estimation using a single sensor. 

 

3. Adaptive Signal Timing Logic 

Based on the detected traffic density, DriveSync computes the optimal green light duration using a rule-based adaptive 

control algorithm. The system enforces predefined minimum and maximum thresholds to ensure safety and stability. 

Parameters of the durations of these are configurable and can be tuned based on intersection geometry, traffic composition, 

and deployment environment; currently, numbers are taken to show the working of the product. Rotating camera data 

ensures all lanes are included in timing calculations. 

 

4. Embedded Control and Signal Execution Module 

The computed signal timings are transmitted from the AI module to the microcontroller (currently an Arduino) via serial 

communication. The Arduino functions as the real-time execution controller, responsible for translating software 

commands into physical signal changes. 
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The current beta hardware interface includes: 

● Red, Yellow and Green Lights, connected to designated Arduino pins, representing traffic signal states 

 

● An LCD display, which dynamically shows the countdown timer for the active signal phase 

 

● A motor driver for controlling the camera rotation 

 

METHODOLOGY : 

A. Video Acquisition and Preprocessing 

DriveSync operates using continuous video streams captured from edge-mounted cameras positioned to cover incoming 

lanes of an intersection. The rotating camera mechanism ensures all lanes are sequentially monitored, allowing a single 

camera to cover multiple approaches. 

The raw video feed is resized and normalized to ensure consistent input resolution and frame rate for real-time 

processing. Preprocessing steps such as noise reduction and frame sampling are applied to balance detection accuracy 

with computational efficiency. 

        

 

B. Vehicle Detection Using Deep Learning 

The system employs a deep learning–based object detection model (YOLO architecture) to identify vehicles in each video 

frame. The detector classifies objects into relevant categories such as cars, motorcycles, buses, trucks, and emergency 

vehicles. Detection is performed at real-time speeds on an edge computing unit, enabling continuous traffic monitoring 

without reliance on cloud inference. 

Each detected vehicle is associated with a confidence score, and only detections exceeding a predefined threshold are 

considered for further processing to minimize false positives. The rotating camera ensures detection across all lanes, 

combining sequential frames for complete intersection coverage. 

        

 

 

 

 

C. Object Tracking and Vehicle Counting 

To ensure accurate vehicle counting and avoid duplicate detections across frames, DriveSync integrates an object tracking 

mechanism that assigns unique IDs to detected vehicles. By tracking object trajectories across successive frames, the 

system determines vehicle movement direction and lane occupancy. 
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Virtual counting zones are defined for each incoming road segment. When a tracked vehicle crosses into a zone, it is 

counted once per signal cycle. This zone-based counting approach enables localized traffic density estimation for each 

approach of the intersection. 

 The camera rotation allows counting from all lanes using a single camera, combining counts across sequential frames 

for adaptive signal calculation. 

 

D. Traffic Density Estimation 

Traffic density is computed using a weighted combination of: 

● Number of detected vehicles 

 

● Vehicle type (larger vehicles contribute higher weight) 

 

● Duration of vehicle presence within the detection zone 

 

This approach provides a more realistic representation of congestion compared to simple vehicle counts, allowing the 

system to distinguish between light, moderate, and heavy traffic conditions. Data from rotating camera sweeps ensures 

all lanes are accounted for in density estimation in areas that require monitoring more than one road. 

 

E. Adaptive Signal Timing Algorithm 

DriveSync dynamically calculates green signal duration based on real-time traffic density using a rule-based adaptive 

control algorithm. The algorithm operates under predefined safety constraints: 

● Minimum green time: 6 seconds 

 

● Increment per detected vehicle: 2–3 seconds 

 

● Maximum green time cap: 30 seconds 

 

The computed green duration is given by: 

Green Time = min< Base Time + (Vehicle Count × Increment)<max 

This ensures fairness across lanes while preventing starvation of low-traffic approaches. Signal timings are recalculated 

at the beginning of each signal cycle, allowing rapid adaptation to fluctuating traffic patterns. 

Sequential data from the rotating camera is aggregated for timing decisions, ensuring that even lanes not currently in the 

camera’s field of view are included in the adaptive calculation. 
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F. Emergency Vehicle Detection and Signal Preemption 

Emergency vehicles such as ambulances and fire engines are detected using class-specific object recognition. Upon 

detection of an emergency vehicle approaching an intersection, the system activates a signal preemption protocol: 

● Overrides the current signal phase 

 

● Grants a green signal to the emergency vehicle’s approach 

 

● Holds conflicting directions at red until safe clearance is achieved 

 

This ensures minimal delay and uninterrupted passage for emergency responders, significantly improving response 

times. The rotating camera continuously monitors all lanes to detect emergency vehicles approaching from any direction. 

 

G. Signal Execution and Hardware Control 

Once the optimal signal timing is computed, the control commands are transmitted to the traffic signal controller via a 

hardware interface. The microcontroller executes commands to actuate signal lights and update countdown displays in 

real time. 

Separation between decision-making and execution ensures system stability and allows the AI module to be upgraded 

independently of the signal hardware. The motorized rotating camera operates continuously to maintain full intersection 

coverage. 

 

H. Data Logging and Cloud Integration 

In the ideal DriveSync implementation, traffic metrics such as: 

● Vehicle counts 

 

● Signal timings 

 

● Emergency events 

 

● Congestion trends 

 

are periodically uploaded to a cloud-based storage system. This enables: 

● Long-term traffic pattern analysis 

 

● City-wide traffic coordination 

 

● Remote monitoring and system tuning 

 

Edge processing ensures real-time operation remains functional even in the absence of network connectivity. The rotating 

camera ensures full lane coverage even when the system is operating autonomously. 
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I. Beta Version 

A beta version of DriveSync implementing core functionalities—vehicle detection, adaptive signal timing, camera 

rotation, and hardware actuation—has been developed and tested under controlled conditions. Experimental observations 

demonstrate improved traffic flow efficiency and reduced idle waiting times compared to fixed-time signal systems, 

validating the feasibility of the proposed methodology. 

IMPLEMENTATION AND EXPERIMENTAL SETUP : 

A. Beta Prototype Implementation 

To validate the feasibility of the proposed DriveSync architecture and adaptive control methodology, a beta prototype was 

developed using readily available hardware and open-source software tools. The objective of this prototype was to 

demonstrate real-time vehicle detection, dynamic signal timing adjustment, and reliable signal actuation under 

controlled conditions. 

In the current implementation, live video input is captured using a standard webcam positioned to simulate a traffic 

approach. The system currently supports the use of a rotating camera capable of 360° coverage to scan each traffic lane 

sequentially, ensuring comprehensive lane monitoring without multiple fixed cameras. The video stream is processed 

locally on a computing device executing the computer vision and decision-making logic. Vehicle detection is performed 

using a YOLOv5 or 8 deep learning model, selected for its balance between detection accuracy and real-time inference 

speed. OpenCV is used for frame acquisition, preprocessing, and visualization. 

Detected vehicles are counted within a predefined region of interest corresponding to the active traffic lane. Based on the 

vehicle count, the adaptive signal timing algorithm computes the optimal green-light duration while enforcing predefined 

minimum and maximum thresholds to ensure safety and stability. 

 

B. Hardware Setup 

 The signal control mechanism in the beta prototype is implemented using an Arduino Mega microcontroller. The Arduino 

acts as the traffic signal interface and is responsible for executing the signal timings received from the AI processing unit. 

Communication between the processing system and the Arduino is achieved through serial communication. 

The traffic signals are represented using red and green Lights connected to the Arduino via a breadboard and jumper wires, 

allowing solder-free prototyping. A countdown display module is optionally integrated to visually indicate the remaining 

duration of the current signal phase, simulating real-world traffic signal behavior. 

Integration of a rotating camera in the hardware setup ensures that a single camera can monitor multiple lanes by 

sequentially scanning each lane. This eliminates the need for multiple cameras while maintaining accurate detection and 

counting across all approaches. 

This hardware configuration enables reliable real-time signal switching while maintaining low cost and ease of 

modification. 
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B. Adaptive Signal Timing Execution 

 Once vehicle detection and counting are completed for a given scan cycle, the computed green-light duration is transmitted 

to the Arduino. The Arduino then activates the green signal for the calculated duration while maintaining the red signal for 

conflicting approaches. 

The beta system enforces the following operational constraints: 

● A minimum green time to prevent unsafe rapid switching 

 

● Incremental extension of green time based on detected vehicle count 

 

● A maximum green time cap to avoid starvation of other traffic streams 

 

These parameters are configurable and were selected primarily to demonstrate system behavior rather than to represent 

optimized field-calibrated values. The rotating camera ensures that all lanes are scanned and counted fairly before each 

timing computation. 

 

D. Experimental Conditions and Evaluation 

 The beta prototype was tested under simulated traffic conditions with varying vehicle densities. Different traffic scenarios 

were recreated by adjusting vehicle counts within the camera’s field of view. Rotating the camera through all lanes in a 

sequence ensures that the adaptive signal timing responds accurately to traffic in every approach. 

Performance evaluation focused on: 

● Responsiveness of the system to changing traffic density 

 

● Correct execution of adaptive signal timings 

 

● Reduction in idle waiting time compared to fixed-time operation 

 

● Stability of signal switching under fluctuating vehicle counts 

 

Experimental observations indicated a noticeable improvement in traffic flow efficiency and reduced unnecessary waiting 

time when compared to conventional fixed-time signal logic under similar conditions. 

 

E. Scope for Transition to Full-Scale Deployment 

 While the current implementation serves as a proof of what it can become, the system is designed to transition seamlessly 

into the proposed ideal DriveSync architecture. In a full-scale deployment, the processing unit would be replaced by a 

dedicated edge computing device such as a Raspberry Pi integrated with an edge camera module capable of 360° rotation 

and relay-based signal control hardware. 
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This upgrade would enable: 

● Continuous autonomous operation 

 

● Improved robustness 

 

● Direct deployment at real-world intersections 

 

● Full coverage of all lanes with a single rotating camera 

EXPERIMENTAL RESULTS 

A. Detection Accuracy and Latency 

 The system was evaluated using recorded and live traffic video streams under varying lighting and traffic conditions. 

DriveSync achieved an average vehicle detection accuracy of 94% . The average detection latency was 42 ms, ensuring 

real-time responsiveness suitable for adaptive traffic control. 

In experiments, a single rotating camera scanning all lanes sequentially ensured that detection accuracy remained high 

across all approaches of the intersection, without the need for multiple cameras. 

 

B. Traffic Signal Optimization Performance 

 DriveSync was compared against a traditional fixed-time traffic signal system in a simulated intersection environment. 

The results show a significant reduction in average vehicle waiting time(sometimes up to 60%): 

● Light traffic: 30% reduction 

 

● Moderate traffic: 38% reduction 

 

● Heavy traffic: 42% reduction 

 

● Variable traffic: 34% reduction 

 

Average intersection crossing time reduced from 45 seconds to under 10 seconds. 

The use of a rotating camera ensured that traffic from all lanes was accounted for in adaptive timing calculations, 

improving overall efficiency even in multi-lane scenarios. 

 

C. System Performance 

 The system’s computational performance was evaluated on a standard laptop to verify real-time feasibility: 

● Processing speed: 18–22 frames per second 

 

● End-to-end decision latency: <70 ms 

 

● Signal execution delay: negligible due to direct microcontroller interfacing 
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These results confirm that DriveSync can perform real-time traffic analysis and signal control on edge-capable 

hardware without reliance on cloud processing. 

 

D. Conclusion 

 The experimental results validate the effectiveness of DriveSync as a low-cost, AI-driven adaptive traffic signal control 

system. The observed 38–40%(in some cases 60%) improvement in moderate traffic conditions highlights the 

advantage of vision-based adaptive control over static timing schemes. 

While the beta implementation operates under controlled simulation conditions, the modular architecture allows seamless 

transition to real-world intersections using edge computing hardware such as a Raspberry Pi. Incorporating a 360° 

rotating camera allows comprehensive lane coverage, ensuring adaptive signal decisions remain accurate across all 

traffic approaches. 

The results indicate strong potential for: 

● Reducing congestion 

 

● Minimizing fuel wastage 

 

● Improving emergency response times in urban traffic environments 

 

 

 

 

 

 

 

Parameter Fixed-Time 

Signals 

Sensor-Based 

Adaptive Systems 

DriveSync (Proposed) 

Adaptability None Limited High (Real-time AI-based) 

Response to Traffic 

Variation 

Poor Moderate Excellent 

Average Idle Time High Medium Low 
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Fuel Wastage High low Low 

Traffic Flow 

Efficiency 

Low Medium High (Up to 60% improvement) 

Emergency Vehicle 

Priority 

Not supported Partial (requires extra 

hardware) 

Automatic (vision-based) 

Infrastructure 

Requirement 

Low High Minimal 

Installation Cost ₹1–3 lakh ₹10–25 lakh 40-60 thousand  (on already 

installed traffic signals) 

Maintenance Cost Low High Low 

Scalability Poor good High 

DISCUSSION AND FUTURE WORK 

DriveSync has, as a vision-based adaptive traffic signal control system, integrated numerous concurrent computer vision 

tasks, enabling substantial improvement in urban traffic management efficiency. The modular design permits future 

enhancements without requiring a complete redesign of the system. 

A. Key Limitations And Areas For Future Improvement Include 

1. Weather Robustness: Current vehicle detection performs well under normal lighting and weather conditions, 

but extreme weather scenarios such as heavy rain, snow, or fog may reduce detection accuracy. Future work 

will focus on domain adaptation and data augmentation techniques to maintain reliability in adverse conditions. 

 

2. Incorporating Reinforcement Learning: While the current adaptive algorithm is rule-based, integrating 

reinforcement learning could enable long-term optimization of traffic flows rather than reacting purely in real 

time. 

 

3. Edge Deployment Enhancements: DriveSync already leverages edge processing via Raspberry Pi or similar 

devices, but further optimization could reduce latency and bandwidth requirements. Integration with emerging 

Vehicle-to-Infrastructure (V2I) technologies could allow more predictive traffic control and improved emergency 

vehicle response. 
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4. Hardware Implementation Upgrades: The beta prototype currently uses Arduino-based signal execution, but 

future deployments may include advanced IoT devices and edge AI accelerators to allow faster, more scalable 

real-world operation. 

 

CONCLUSION  

DriveSync demonstrates that AI-based adaptive traffic signal control can effectively enhance urban traffic management 

by responding intelligently to real-time vehicle density. A single camera is sufficient to monitor all approaches at an 

intersection, reducing hardware requirements and further lowering costs. By leveraging computer vision with YOLO 

models and edge computing, the system dynamically adjusts signal timings while ensuring safety and prioritizing 

emergency vehicles. Experimental evaluations show significant reductions in waiting time, fuel consumption, and 

emissions compared to conventional fixed-time and sensor-based traffic systems. 

The low-cost, modular, and scalable design of DriveSync makes it a practical solution for smart city deployments, offering 

an efficient and sustainable approach to mitigating congestion and improving road safety. The innovation and real-world 

applicability of the system were further recognized through its selection as a recipient of the National Best Innovators 

Award, highlighting its technical merit and societal impact. 
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